Do Noun Classes Have a Semantic Basis? A Multilingual Analysis with Machine
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Introduction

Lexical Gender and Noun Class Systems:

a. 'El perro negro’
“The Black Dog’

ART.masc dog black.masc-ending

b. ‘La perra negra’
“The Black (Female) Dog’

ART.feminine dog.feminine black.fem-ending

Motivating Examples:

- Trees as masculine, fruit as feminine:
semantic purity?

- “Masculinidad”: Feminine gender Association of Variables:
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P Value statistical

_ significance testing Cramer's V > 0.25 Very Strong (hyp 1 & 2)
HypOtheSIS underway 0.15 < Cramer’s V < 0.25 |Strong (hyp 2 & 3)
revious work on
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- Intermediate hypotheses: Classes are systematic but not coherent OR classes
have systematic cores plus some random additions.

Conclusions and Future Directions

Noun class assignments are not semantically pure but are unlikely randomly

Hypothesis: Gender in clusters of semantically-close words would follow one of
four patterns:

1. Semantically pure

2. Pure but outliers assigned systematically
3. Pure but outliers are assigned randomly
4. No different than chance

assigned, suggests and intermediate hypothesis.

Even with conservative cluster grouping and purity testing, noun class association

remains above the weak threshold.

Most languages show strong or very strong noun class association.

Study could benefit from a broader range of languages and data.

Systematicity within languages does not guarantee cross-linguistic systematicity.
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